Below is the output from the Best Subsets analysis with all of the macro variables we collected lagged two months so that we would be able to collect them a month before we would actually have to predict the foot traffic. Based upon this we can get an R-sq of 98 with adj-rsq of 96.9 using 17 of the variables. The first eleven are all of the months except for November and the series variable. The six remaining variables are: CPI, Fed_Fund, Gas Price, DJones, Comp Sales and consumer confidence. A much simpler yet still powerful model contains only the months and the comparable competitor sales. This would be a very easy model as only one variable must be collected.  Once again these are all lagged by two months which allows for a month for the report to come out and gives us the information 1 month before the predicted month. 
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1 454 442 6853 360738 X
1 196 17.7 1030.4) 438044 X
2 617 599 4712 305953 X X
2 605 587 4859 310317 X X
3 742 123 306.4) 254068 X X X
3 734 T15 3163 257721 X X X
4 796 176 2366 228776 X X X X
4 786 166 2486 233786 X X X X
5 828 807 1952 212381 X X X X X
5 821 799 2044 216616 X X X X X
6 869 849 1426 187724 X X X X X X
6 861 839 1536 193577 X X X X X X
7 929 916 65 140301 X X X X X X X
7 %02 883 101.2 164842 X X X X X X X
8 943 931 47.8 127018 X X X X X X X X
8 935 921 582 135441 X X X X X X X X
9 957 946 314 112084 X X X X X X X X X
9 947 934 442 123021 X X X X X X X X X
10 97 92 159 94753 X X X X X X X X X X
10 9.1 949 285 108650 X X X X X X X X X X
Cm g4 eee 122 88902 XX X XX XX XXX X
11 97.3 9.4 139 91140 X X X X X X X X X X X
12 975 966 136 89575 X X X X X X X X X X X X
12 975 966 137 89695 X X X X X X X X X X X X
13 976 966 141 88900 X X X X X X X X X X X X X
13 976 966 142 88964 X X X X X X X X X X X X X
14 977 967 143 87676 X X X X X X X X X X X X X X
14 977 967 145 87959 X X X X X X X X X X X X X X
15 978 9638 149 87029 X X X X X X X X X X X X X X X
15 918 967 151 87327 X X X X X X X X X X X X X X X
16 979 967 16 87138 X X X X X X X X X X X X X X X X
16 979 967 163 87674 X X X X X X X X X X X X X X X X
S %9 61 860X X X X X XX X XX XXX XXX X
17 98 9.8 162 85816 X X X X X X X X X X X X X X X X X
18/ 98 9.7 18 87073 X X X X X X X X X X X X X X X X X X
18/ 98 9.7 181 87188 X X X X X X X X X X X X X X X X X X
19 98 966 20 88731 X X X X X X X X X X X X X X X X X X X




After doing the above best subplots analysis we thought that some of the macro variables would not require a lead time. Specifically, we thought that the Fed fund Rate, the Dow Jones and the Price of Gas information availability is instant. Therefore, we decided to only use a 1 month lag for these three variables since the information would have to be known one month ahead of time to predict foot traffic. Below is the output for the best sublots with all macro variables lagged two months except for Gas DJ and FFR which were lagged one month. As you can see the r-square provided by these regressions are slightly lower than when all of the variables are lagged. This goes against our guess that it would help the predictive value of the model but it is possible that consumer spending patters are based upon lagged information of their bills and their stock returns so the lag actually makes the data a better predictor. 
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1 196 17.7. 8748 438044 X
2 61.7 59.9 3971 305953 X X
2 605’ 58.7 4096 310317 X X
3 742 723 256.4 254068 X X X
3 734 715 2649 257721 X X X
4 796 776 197 228776 X X X X
4 786 765 208 234109 X X X X
5 828 80.7 1619 212381 X X X X X
5 819 796 1722 217912 X X X X X
6 869 849 1172 187724 X X X X X X
6 86.1 839 126.7 193577 X X X X X X
7 929 916 512 140301 X X X X X X X
7 902 883 821 164842 X X X X X X X
8 943 931 368 127018 X X X X X X X X
8 935 921 457 135441 X X X X X X X X
9 957 946 231 112064 X X X X X X X X X
9 947 934 34 123921 X X X X X X X X X
10, 97! 96.2 10.1 94753 X X X X X X X X X X
10, 96.1 95/ 205 108236 X X X X X X X X X X
1 974 966 72 88992 X X X X X X X X X X X
1 973 96.4 87 91140 X X X X X X X X X X X
12 975 966 88 89695 X X X X X X X X X X X X
12 975 965 88 89729 X X X X X X X X X X X X
13, 976 966 97 89361 X X X X X X X X X X X X X
13, 976 966 98 89454 X X X X X X X X X X X X X
14 97.7 96.7 102 88183 X X X X X X X X X X X X X X
14 97.7 966 104 88637 X X X X X X X X X X X X X X
15, 97.7 966 122 89626 X X X X X X X X X X X X X X X
966 122 89626 X X X X X X X X X X X X X X X
96.4 141 91007 X X X X X X X X X X X X X X X X
96.4 142 91130 X X X X X X X X X X X X X X X X
963 16 92531 X X X X X X X X X X X X X X X X X
963 16.1 92585 X X X X X X X X X X X X X X X X X
96.2 18 94203 X X X X X X X X X X X X X X X X X X
96.2 18 94203 X X X X X X X X X X X X X X X X X X
96.1 20 95966 X X X X X X X X X X X X X X X X X X X





