EECS E6899: Topics in Information Processing

Autonomous Multi-Agent Systems (Spring 2020)
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When: Tuesdays & Thursdays 2:40-3:55
Instructor: James Anderson (ja3451@columbia.edu)
Course website: https://tinyurl.com/e6899
Who: Graduate students (all disciplines) with an interest in mathematical aspects of system theory.
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This course is an introduction to the mathematical foundations of control and analysis of networked dynamical systems (otherwise known as multi-agent systems). The goal of the course is to
provide the technical skills needed to model and analyze decision-making problems for networks of interacting dynamical systems (agents) whose goal is to achieve a global behavior using only local interactions.
Core theory to be covered will include:
• Consensus, coordination, and ﬂocking behavior
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